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1 Introduction

Directed lattice polymers on the d+ 1 dimensional integer lattice are modeled
by (random) distributions of graphs of polygonal paths in N x Z¢ for which
the horizontal coordinate serves to direct the path as a self-avoiding chain of
connected monomers.

Tree polymer models were considered early on by Bolthausen (1991) as a
special framework in which to illustrate certain L?-martingale methods intro-
duced to analyze directed lattice polymers. In this paper we will use the term
lattice polymer in reference to the directed polygonal paths on the d + 1
dimensional integer lattice, and tree polymer for the case of polygonal paths
of a binary tree.

While the primary focus of polymer research is aimed at low dimensional
lattice polymer models, where sharp results are rare, the tree polymer is im-
portant for testing lattice methods because sharp results are often possible
to obtain for tree paths. In fact one can demand sharp results and precise
cutoffs of tree polymer theory, whereas this seems a less realistic requirement
of lattice polymer theory.

Although focussed on lattice polymer theory, Comets and Yoshida (2006)
is likely state of the art for the research frontiers on dispersion problems for the
case of lattice polymers. However, less actually appears to be available in the
literature explicitly focussed on the case of tree polymers in terms of precise
bounds and results (see remarks of the next section). Since the importance of
tree polymers is precisely that of furnishing sharp results, part of the purpose
of the present paper is to provide a complete and self-contained treatment
of best possible bounds and results for the basic dispersion problem of tree
polymer theory.

This leads to a number of additional interesting open mathematical prob-
lems for tree polymers from the perspective of Kahane’s T-martingale theory,
where most of the focus has heretofore primarily been on describing the fine
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scale structure of a.s. surviving cascades (weak disorder). In fact it moti-
vates a number of entirely new questions for the continued development of
T-martingale theory both in the case of weak and strong disorder types. For
example, as will be seen, even in the analysis of weak disorder the approach
of this paper involves differentiation of a certain class of T-martingales along
lines introduced by Barral (2000). This naturally leads to a new notion of
signed or complex T-martingales for which the authors know of no general
theory. The strong disorder problems involve very new phenomena that escape
direct application of existing theory.

In the next section the tree polymer model is introduced. Bolthausen’s no-
tion of weak and strong disorder environments, respectively, are precisely
defined and some basic polymer problems are identified. Section 3 contains a
brief summary of Kahane’s T-martingale theory appropriate to this applica-
tion, as well as an overview of the extension of Peyriere’s mean size-bias prob-
ability to strong disorder environments introduced in Waymire and Williams
(1994). As something of a warm-up, Section 4 opens with a simple result
demonstrating that regardless of disorder type, the tree polymer paths are
non-ballistic in the sense of an almost sure law of large number convergence
to zero. This is followed by a discussion of a polymer diffusion problem and
includes asymptotic polymer path free energy type calculations in both
cases of weak and strong disorder. These are in contrast to the free energy
calculations provided by Buffet, Patrick, and Pulé (1993). The latter are made
simpler by restricting their considerations to normalization constants. Section
5 contains the complete proof of a.s. long-chain Gaussian fluctuations under
the n2 diffusive scaling within the full range of weak disorder, (i.e., a tree
polymer path CLT). In section 6 vector cascades are introduced as a class of
T-martingales for which one can obtain an alternative representation of path
free energy under strong disorder. Related directions and open questions for
extensions of T-martingale theory are briefly discussed in the final section 7.

2 Background and Notation

Let T := U2 ,{—1,1}" denote the set of vertices of the complete binary
tree rooted at 0, with the convention that {—1,1}" := {0}. Equivalently, each
vertex v # 0 defines a unique edge adjacent to this vertex on the unique
connected path joining the vertex v to the root 0. Such an edge is unambigu-
ously also denoted by v. The tree path space is defined by the Cartesian
product T := {—1,1}N where each s = (51, 2,...) € OT defines a possi-
ble polymer path. It is convenient to denote the vertex (or edge) at the j—th
level of the path s, read “s restricted to j”, by s|j := (s1,...,s;), for each
j =1,2,..., and s|0 := 0. The same notation applies to a finite path
segment t = (t1,...,t,) € {—1,1}" for j < n. In this case, |t| = n de-
notes the length of the finite path segment. The polymer path position
of s = (s1,82,...) € 0T at the nth link is defined by the special notation
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(s)o =0, (s)n = 27—, s, for n > 1. The normalized Haar measure \(ds)
on JT, regarded as a compact Abelian group under coordinatewise multipli-
cation and the Cartesian product topology for the discrete topology on each
factor {—1, 1}, defines the uniform distribution on polymer path space 9T

Next, the environment is defined by a collection {X (v) : v € T} of i.i.d.
(strictly) positive random variables on a probability space (£2,F, P) indexed
by the vertices (or edges) of T'. Define a sequence of random probability mea-
sures prob, (ds,w) << A(ds), n > 1,w € {2, by the corresponding sequence of
Radon—Nikodym derivatives

dprob,, _ e .
5 (s,w):an(w)jli[lX(sU), n=12,...,

where Z,,(w) denotes the normalization constant (or partition function) given
by

Zn(w) = /6 TEX<s|j>A<ds> - ltznjr_[lxay')(w)z—",

and the sum is over all finite path segments ¢ of length n. In particular on the
finite dimensional cylinder sets A, (t) := {s € 9T : sjn = t}, t € {-1,1}",
n > 1 of the Borel o—field of 0T one has

probu(An(t),w) = Z,; (w) H X(t)(w)27".

The factor 27" cancels in the ratio, but is convenient to display as it makes
the sequence {Z,,/(EpX)™ : n > 1} a positive martingale. Observe, also, that
for each finite dimensional cylinder set A,,(¢), one has sample pointwise on {2

pTOanrm(An (t)) Zns

prob, (A, (t)),

where * denotes concatenation of word strings defining vertices.

Definition 1. Given an environment {X (v) : v € T} of i.i.d. (strictly) posi-
tive random variables on a probability space (12, F, P) indexed by the vertices
(or edges) of T, the tree polymer is defined by the sequence prob,, (dt), n > 1,
of (random) probabilities defined on the Borel sigmafield of OT.

Some special notation and assumptions

The explicit dependence of random variables on w € (2 will generally be
suppressed as per standard probability convention. Also, a number of different
probabilities will appear throughout this paper, e.g., P, prob,, Q, etc., whose
role in expected value computations will be indicated by a subscript to the
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expectation symbol E. It will be assumed throughout that there is a number
p > 1 such that
EpX? < o0. (1)

This condition is easily satisfied by the following basic examples of poly-
mer theories, namely (i) X = e?Z, for standard normal Z, and (ii) X =
a with probability p
for some a,b > 0, 0 < p < 1. Without loss of
b with probability ¢ =1 — p,
generality one may take EpX = 1, since replacing X by X/EpX is canceled
by the respective factors (EpX)™ of the new normalization constants. This
normalization will also be assumed throughout, modifying the form of these
examples accordingly.

In view of the martingale convergence theorem Z., = lim,,_,., Z, exists
P-a.s. Also by Kolmogorov’s zero-one law and sure positivity of the envi-
ronmental weights, the event [Z,, = 0] has P-probability zero or one. The
environment {X (v) : v € T} is referred to as weak disorder if and only if
P-a.s. Z, > 0, otherwise the environment is that of strong disorder. In
the case of weak disorder one has the existence of an a.s. unique tree polymer
limit probability probs(dt) on 9T defined by the a.s. weak limit of the tree
polymer prob,(dt),n > 1. In Waymire and Williams (1996) the existence of
a unique weak limit probability was proven under strong disorder as a Dirac
point mass concentrated on a random path 7 € 9T with respect to the mean
size-biasing change of P-measure described in the next section. Moreover the
mean size-biasing change of measure and P are mutually singular under strong
disorder.

Remark 1. Yuval Peres (personal communication) suggested that under strong
disorder the set of limit points of prob, (dt),n > 1, might a.s. consist of Dirac
point masses on paths.

Remark 2. The sharp criticality condition for transitions between weak and
strong disorder is known precisely for tree polymer models as a result of
the seminal paper of Kahane and Peyriere’ (1976). In addition, Bolthausen’s
weak /strong disorder criticality condition was improved by Birkner (2004) for
the case of lattice polymers using a size-bias change of measure. Birkner’s
criticality condition indeed coincides with the sharp determination that one
obtains using the Kahane and Peyriere (1976) theory for the case of tree poly-
mers. This illustrates a benchmark role for tree polymer theory for evaluating
the sharpness of lattice polymer methods mentioned at the outset.

In the context of tree polymers, the basic theory concerns the P-a.s. asymp-
totic behavior of segments of random polygonal paths S € 9T of length n dis-

tributed, respectively, according to the sequence prob,(ds,w). For example,
(S)n

n

a.s. strong laws governing averages , and a.s. limit distributions governing
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fluctuations (5)27_0" for suitable centering ¢, and scaling constants a, > 0,

as n — oo are desired. While these are only a few of the problems of interest
here, they do play a central role.

Remark 3. The L?>-martingale methods developed in Bolthausen (1989, 1991)
for the lattice polymer do indeed provide the CLT for tree polymers with
¢n = 0,a, = y/n, but in a strict subregion of weak disorder. Comets and
Yoshida (2006) note that subsequent L2-martingale methods developed for
lattice polymers extend the range of weak disorder in sufficiently high dimen-
sions d. Specifically, Albevario and Zhou (1996), Imbrie and Spencer (1988),
Song and Zhou (1996), Birkner (2004), are noted in this regard. In these re-
sults, however, the asymptotic diffusion coefficient in d + 1 dimensions is é.
The extension of these results and methods to the context of tree polymers
does not seem obvious, although it appears that they are presumed to hold.

The present paper will provide an explicit, self-contained and complete
proof for the CLT problem in the case of tree polymers of weak disorder type
based on differentiated cascades. The sharpness obtained for tree polymers
suggests that corresponding methods might also prove useful for lattice poly-
mers. It is also shown that the same diffusive scaling limit is not possible
under strong disorder. More generally, another important motivation for this
paper is to uncover the extent of applicability of existing T-martingale theory
and identify new directions under strong disorder.

3 T-martingales and size-bias theory

For a complete metric space (T,d), Kahane’s T-martingale refers to a se-
quence of non-negative random functions Q,,n = 1,2,... on T defined on a
probability space (£2,F, P) adapted to a filtration F,,,n = 1,2..., such that
for each t € T, @, (¢) is a mean-one martingale with respect to this filtration.
Given a Radon measure o on the Borel sigmafield B(T), the T-martingale
induces a sequence of random measures @, 0(dt) defined by

/T FOQuo(de) = /T FOQu(B)o(dt)

for all continuous bounded functions f on T, i.e., d(g—;”(t) = Qn(t),t € T.
As such, using martingale convergence theory and Kahane’s T-martingale
decomposition, e.g., see Kahane (1987b), Waymire and Williams (1994), one
may obtain a (possibly degenerate) random measure Q0 = 0, as an a.s.
vague limit.

For the case of tree polymers consider T = 0T introduced in the previous
section, with

Qn(s) = HX(s|j), s € T,
j=1
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and for example, o = A, the Haar measure on 907. As noted earlier, in the
context of tree polymers X (v),v € t is a strictly positive, mean one random
variable. One may write

prob,(ds) = M, n>1.

© QuA(9T)
and, in the case of weak disorder, one has

Aoo(ds)

proboo(ds) = A (0T

Peyriére’s mean size bias was introduced to compute fine scale struc-
ture of surviving cascades, i.e., weak disorder in the context of polymers. The
consideration of such transformations is naturally motivated by more basic
elements of Cramer-Chernoff exponential size-biasing in the computation of
large deviation rates, e.g., see Bhattacharya and Waymire (2007). Specifi-
cally, since the product of i.i.d. mean one nondegenerate random variables
along any one path is a.s. zero, the survival of cascades requires deviations
from this average behavior made possible by the uncountably many paths of
OT. Moreover, exponential size biasing of the logarithm of a random variable
is precisely mean size biasing. We summarize here the basic framework de-
veloped in Waymire and Williams (1994), (1995), (1996) to use size biasing
to determine the asymptotic total mass in cases of both weak and strong
disorder.

By restricting the formulation to the sigmafields generated, respectively,
by the first finitely many levels of the environment F;, := o (X (v) : |v] < n),
and the finite dimensional cylinder sets of tree paths R,, := o(A,(t) : |t| = n),
for n > 1, with the aid of the Kolmogorov consistency theorem, one may define
a joint probability Q(dw x dt) (on £2 x IT') of the environment and paths that,
for a given path s, size biases the environment along this path. Namely, one
has

Q(dw x ds) = H X (s|7)(w)P(dw)A(ds) = Ps(dw)A(ds),

where
P, << P on F,=o0(X(v):|v]<n).

In other words, the measures [[_; X(s|j)(w)P(dw)A(ds),n > 1, provide a
consistent specification of the finite dimensional distributions of ({X(v) : v €
T},S) under Q(dw x ds) on F® B. Accordingly, under Q(dw X ds), for a given
path S = s, the environment variable X (v) has distribution P o X ~1(dx) if v
is not on s, while it is P o X ~!(dz) if v is along the path s.

Letting w, msr denote the coordinate projection maps of 2 x 9T onto 2
and 0T, respectively, one obtains by integrating out the coordinates that

(i) Qompl(dw) = Z,(w)P(dw), (i) Qomyi(ds)=A(ds). (3)
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From here one readily obtains the following variant on Bayes formula
Q(dw x ds) = prob,(ds,w)Q o w5 (dw). (4)

In particular, the polymer path distribution prob,(ds,w) is the conditional
path probability given the environment.
Next one has the Lebesgue decomposition

Q(dw x ds) = Qoo A(ds, w) P(dw) 4+ 1[Quu MOT, w) = 00]pes(ds, w) Qo' (dw),

(5)
where po (ds,w) denotes the Qo -a.s. weak limit of p,,(ds) as n — oo. The
structure of p(ds,w) in the case of strong disorder is described in Proposition
2 below. Accordingly, with regard to weak and strong disorder, the event
[QooA(OT) = 0] is a zero-one event under P if and only if [QooA(OT) = oo is
a zero-one event under Q o 7, (dw).

Next we record the (weighted) first departure bounds developed in Waymire
and Williams (1996) for the special case of the product probabilities o =
X - of a (generic) Bernoulli probability p on {—1,1} that will naturally
appear in forthcomming tree polymer applications. Namely, for an arbitrary
path s € 9T, and positive constants C,,, one has

X (sl ()OI () #CM < Quo(aT) < [T X (sli)u()#" 1M pu(—)#~
J=1 j=1
+ CnAn, (6)

where C,, > 0 and A,,,n > 1 is a positive submartingale (dependent on
the choice of Cy,). The symbols #%(s|n) count the respective number of +1
coordinates of the path segment s|n, and u(+) = p({%1}), respectively. The
lower bound is obvious since a sum of positive terms is larger than any single
term. The upper bound is obtained by splitting off the term corresponding
to the product along the s—path and decomposing the remaining sum with
respect to the level of first departure from the s—path.

This summarizes the essential elements of the theory which will be needed
for this paper.

4 Asymptotic polymer path free energy type
calculations for weak and strong disorder

In addressing the asymptotic structure of tree polymers without regard to
disorder type one is forced to consider weak limits; i.e., limits with respect
to the sequence prob,(dt),n > 1. The following simple lemma is somewhat
surprising on first glance in view of the random normalization.

Lemma 1. On R,, one has

Epprob,(B) = A(B) = EpQ,\(B), BE€ETR,.
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Proof. Simply observe that Epprob, (A, (t)) = 27" since the expression is
independent of ¢t € 9T and sums to one.

As an application of this lemma one can readily obtain an expression of
the nonballistic character of polymers regardless of disorder type.

Proposition 1. Regardless of the disorder strength one has

(S)n

n

|=0 P—a.s.

n |

lim Eprob
n—oo

Proof. Let A, = Epropb, (b;l)” |. Then for h > 1, applying Jensen’s inequality

to the integral with respect to prob,(ds), one has

h
EpAl =n~hEp (/ (s)n|probn(d8)) < n_h/ |(8)n | Epprob, (ds) < Cn~
oT aT

with C' > 0. Now take h = 4 and apply Borel-Cantelli to obtain the assertion.

The result quoted in the previous section that identifies probs(ds) in
the case of strong disorder as concentrated on a single random path Q o
Wf_?l(dw)—a.s. is repeated here for ease of reference and to correct some typo-
graphical errors in the proof in WW96B.

Proposition 2 (WW96B). In the case of strong disorder there is a random
path T = 7(w) € OT,w € 2, such that Qo 7,' (dw)—a.s. as n — oo,

proby, (ds) = 0,(ds).

Proof. Fix a path s. If, for example s; = +1, then the total mass on the
“left side” of the tree, Z,(—) = 3}, _p =1 [ [j—1 X (t]5)2==Y is a positive
martingale under P, since the environment off the path s is i.i.d. distributed
under P. In particular, therefore, P;—a.s. one has

Zoo(—=) = lim Z,(—) < oco.

n—oo

A similar observation holds if s; = —1, and so on down the tree off the path s.
But under strong disorder, for any path s, since Zoo = QoA (0T) =0 P-as.,
from the Lebesgue decomposition one observes that

Py(Zy = o0) = 1.

Let w € [Zs = o0]. Then, removing an event of Q o ﬂfll—probabﬂity zero if
necessary, one has either Z.,(+,w) = 00 or Z(—,w) = oo, but not both.
Define 71 (w) = £1 according to Z(+,w) = co. Now iterate this procedure
down the tree accordingly.

h
2
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For the a.s. distributional limits of interest in the next two sections, it
will be convenient to have calculations of the a.s. asymptotic behavior of
polymer path free energies (or cumulant generating functions) of the form

In M, (r

F(r) =lim, o = ), where

M, (r) = Eprob, e"(S)n,

Remark 4. In Buffet, Patrick, and Pulé (1993) the authors consider a different
type of free energy density calculations which, in the present notation, may
be defined for environments X = e~#V | (for a particular class of real-valued
random variables V'), as

n—oo N

where Z,, is the corresponding normalizing constant (partition function). Such
considerations will follow as a special case of path free energy results presented
here.

Lemma 2. Let

eir
(1) = — A = Py X e X X P X e
pr(£1) T Pr X Pp X o X pp X
Then QuA (3T
M, (r) = cosh™(r) ==L —00 <1 < 00.
r) ( )Qn/\O(aT)

Proof. One has

Mu(r) =22 > [T e [T x(sli2 ™
|s|=nj=1  j=1

=cosh™rZ,* Z ﬁp,,(sj) H

n
|s|]=n j=1 =1

X (s]7)

Z\s|=n H_?:l X(S‘]) Hj:l pr(Sj)
Pisi=n [j=y X (sli)27™

= cosh" r

This completes the proof.

The following formula is well-known by various methods starting with
Borel normal numbers and its extensions by Eggleston (1949), Billingsley
(1960), Kifer (1996), Fan (1994), and Peyriére (1977). We write suppo for the
maximal Borel support of a probability o on 9T. That is suppo = inf{dim(A) :
o(A°) = 0}, where dimA denotes the Hausdorff dimension of Borel A C 9T
(for the metric p(s,t) = 271/l s,t € OT, where s A t denotes the common
part of the paths s,t emanating from the root, until first departure). With
this notation and terminology one has,
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dim(suppA;) = ha(r) = —eilogz < ¢ ) ° log, <e> )

e"+e " e +e " e +e " e +e "
(®)
We also refer to ha(r) as the base 2-entropy of A,.. In particular, note that the
Haar measure (uniform distribution) A\¢ has full support of dimension one,
i.e., mazimal entropy among \,., —oo < r < 00.

The following is a special case of more general theorems of Kahane (1987a)
on conditions for survival of multiplicative cascades with respect to initial
measures o on 9T using potential theoretic/capacity methods. In the case
of product measures, such as A, this also follows from the weighted size-bias
theory developed in Waymire and Williams (1996). It may also be obtained
from necessary and sufficient conditions obtained by Fan (2002) for Markov
measures. In essence, the support must be sufficiently large relative to the
variability in the environment for the cascade to survive. In the case of Haar
measure Ag, this may be equivalently interpreted as the condition that the
branching number 2 must be large enough relative to variability of the envi-
ronment. Namely,

Proposition 3. For arbitrary r € R one has
Qoo (OT) >0 aus.

if and only if
EpXlogy X < ha(r).

Proof. The proof follows precisely the lines of Waymire and Williams (1994),
using the weighted first departure bounds. For necessity, suppose that Ep X logy X >
ha(r). Then, for any fixed path s € supp(\,), one has using the lower bound

QnA-(0T) > HX(S|j)p7#+(5|n)(+)p7#_(8\n)(7)
J=1

#* (sln)

1 n
= N X (s)5) + = np,
exp{n n;n (1) + npp(+) +

@ Inp.(—) |}

n

By two applications of the strong law of large numbers, one has, respectively,
+

that Ps—a.s. %Z?Zl In X(s|j) — EpXInX, and \.— a.e. %ﬂ“) — pf as

n — o0o. It follows from this that

/ / 1[Qo0 (0T) = 0] Ps(dw) A, (ds) = 1
T J o

in the case EpXlogy X > ha(r). The same can be seen to hold when
EpXlogy X = ho(r) using the Chung-Fuchs theorem in place of the strong
law of large numbers. The converse is proved similarly using the upper first
departure bound.
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Remark 5. In the case of Haar measure A = Ao, h2(0) = In 2 and Proposition 3
provides the usual condition on the variability in the environment with respect
to the branching number for weak and strong disorder.

Corollary 1. Under weak disorder one has P-a.s. that there is a § > 0 such
that

F(r) = limw

=lIncosh(r) |r| <é.

Proof. Since weak disorder is equivalent to EpX log, X < hg(0), and hy(0)
is maximal entropy, using continuity of ho(r), there is a § > 0 such that
EpXlogy X < ha(r) for |r| <. The result follows immediately from Propo-
sition 3 taking logarithms in Lemma 2.

Remark 6. Observe that in the case of simple symmetric random walk paths
obtained by taking deterministic X = 1, one has the sure identity

In M,
In My (r) =lIncosh(r), n=12,....
n

Moreover

r 2 " r?
cosh"(%) ~ (1 + o + 0(1)> ~eZ as n— oo.

So formally, at least, one expects the diffusive (CLT) limit to hold almost
surely from Corollary 1.

The computation of the path free energy under strong disorder is a little
more delicate than the case of Corollary 1. We will make a size-bias calculation
for an upper bound on lim sup. However, the lower bound on lim inf obtained
by the corresponding approach is too small. Nonetheless we will see that the
lim sup bound is indeed the asserted a.s. limit.

Proposition 4. Under strong disorder there is a § > 0 such that

F(r)= limw

” 5 h
I Ep X" 410 (57 (1) + 517 ()) 1 BpxhO) — (h(0) — 1) In2
h(r) h(0) ’

= Incosh(r) +
where h = h(r) is uniquely determined positive solution to
Xh X"h _ _
Ep {prh In Eth} = €@ n(+),Drn(—)),
for
h
_ pr(£)
pnh(i) =

CPh(H) + PR ()
and €(a,b) = —alna — blnb.
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In Q, A\ (0T)

Proof. We begin by using size-biasing to compute an upper bound on limsup, . o ~

Fix ¢ > 0, 0 < h < 1. The size-bias change of measure in this context may be
obtained by the modification denoted

Q) (dw x ds) = Py(dw) A (ds).

In particular, on F,

n

Qo (dw) = [ Pudw)(ds)= 3 /A TT X (t17)P(de) e (de) = ma () P(d),

or te{—1,1}n () j=1
where
ZnMn(T)

my(r) := oS (1)

Now,

P(QnA-(0T) > €™°)
= Epl[QuAr(0T) > "]
= Eqr Do 1 (1) T 1My (1) > e™]

/é)T/ mmn ‘o Py(dw) A (ds)
,nhc/aT/ H L X0 | P h(sj)Ps(dw))‘T(ds)

—nhc ) ; _1; w S
= ek /aT/QHXh(SU)pr(SJ)h H;;lX(SU)PS(d )Ar(ds)

e=he(Bp X" / Hp (s))Ar(ds) = e ™ (EpX™)" (/8 pri(s 1)>\r(d8)>n

T

= exp{—n [hc - (hlEPXh +In(pl'(+) + p(=)))] }-
Thus, the probability is summable for

h h h(_
o g MERX () +ph()
0<h<1 h

Using Borel-Cantelli one therefore obtains P-a.s. that

n—»oop n T 0<h<1 h ’

Next we verify that this upper bound on the limsup is also a lower bound
on the liminf, and therefore is the desired limit P-almost surely. Define for
fixed r,
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Zn(r,h) = ) [[ X"(sli)pi(s;), heR.

|s|=nj=1
Then

QuA-(0T) = Z, (1, 1).
Also note that

n

EpZy(r,h) = (EpX")" (p}'(+) +p)'(-))
Viewing X" as a new polymer environment, and normalizing p”(+) to a prob-
ability distribution given by
pr (%)
pr(+) + (=)’
one sees from Proposition 3 that for each fixed r there is a unique h(r) defined
by

Tjr,h(i) =

xh xh
Fp——In—— = h
PEPXh n Eth G(Ta )7
where 6(’[‘, h) = _ﬁr,h(—i_) lnﬁT,h(_F) - T)r,h(_) lnﬁr,h(_)v such that
lim Zn(r,h) >0 P—a.s.

n—oo EpZ, (r,h)
if and only if h < h(r). Thus, for h < h(r), one has

lim InZ,(r,h)

n— oo n

=InEpX" +1In (p!'(+) + p(-)).

The uniqueness of h = h(r) follows by checking that for fixed r, h —
Ep%)h{h In # — ¢(r, h), is monotone increasing on 0 < h < 1. Define

g(r,h) :=InEpX" +1n (pf(-F) —&—pf(—)) .

Now, for € > 0, rewrite a bit, and apply Jensen’s inequality to obtain

Zn(rvl) _ r -1 - s|i S.:
Zariy ~ 2 |SZ_7,,31:[1X( )
= 3 TT X" Golidwk () Zutr )~ TT X" (51wl ()
|s|=nj=1 Jj=1
N 1+€ "
=S ATIXF Gl () | Zulr, )™ T X" (sl (s)
[s|l=n \J=1 j=1

N =TT
D psjmn Loy X5 (sl ™ (s5)
> .
- Z(r, h)1te
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Thus,
Zy e (rh+ 15

nA(OT) = Z,(r,1) > e
Qu\(0T) = 2,(1) > T

In particular, therefore,

1+e€eh
InZ,(r,1) > (140 In Z,(r, The ) B 6hlZn(r, h)
n n n
_ In Z,(r, 11+_:€h) e InZ,(r, 11':_66’1) B In Z,(r, h)
n n n '

Now, 11':_6:’ < h(r) for € > ,11(7:;(_2), > 0. Thus, taking liminf as n — oo, followed
1—h(r)

by letting € | R —h" yields

.. InZ,(r1) 1—h(r)
- T > - 7
hnm inf > g(r,h(r)) + ) —h

Finally, let h 1 h(r) to obtain,

timint 200 > o0 ) + (1 h) 2 ).

With a bit of tedious algebra one may check that the size-bias bound on the
limsup coincides with this lower bound on the liminf and, therefore, is the a.s.
limit. The limit asserted by the proposition now follows.

5 Diffusive limits under full range of weak disorder

Taking the deterministic environment X = 1 for which the tree polymer paths
are then distributed as simple symmetric random walks, one clearly has

(S)n
n

where Z has the standard normal law. The objective here is to show that this
law a.s. persists throughout the entire range of weak disorder.

=7 n— oo,

Remark 7. As remarked earlier, from the a.s. calculation F(r) = Incosh(r),

one expects to a diffusive scaling limit to hold. A theorem of Ellis (1985) is

known to lead from asymptotic calculations of the form F'(r) = lim,, In M,,(r)/n
under sufficient convexity conditions of such functions and their derivatives;

e.g., see Cox and Griffeath (1985), Maxwell (1998) for indications of success-

ful applications to certain particle systems and to cetain asymptotic enumer-

ations, respectively. However, in the present case, even taking X = 1 one

observes changes in sign in the first derivative, e.g.,
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eT _ e*’l‘

(Incosh(r))"” = —8m.

The following lemma follows from straightforward calculations that are
left to the reader to verify.

Lemma 3. Let 0 > 0 be arbitrary. (i) my(r) := Cé‘fgé’a) ,—0 <r <94, isacon-
tinuously differentiable T-martingale on T = [—§, 6] with the usual euclidean

metric. Also the corresponding derived processes (ii) m. (r) = dmd%(r), - <
r <6, is a (signed) T-martingale. Moreover,

m’r:nm-rzil Y s; — tanh(r)}e"®)n s
)= 3 mstr) Coshn(r);/w{j tanh(r)}e ()" QA (ds),

where my,_;(r),1 < j < n, are defined by the indicated terms of the second
sum.

Remark 8. As noted earlier, this lemma illustrates a natural role for the ex-
tended notions of signed (or more generally complex) T-martingales, as well
as T-martingale difference sequences. The following lemma makes explicit use
of the assumption (1).

To take advantage of the symmetries of the binary tree and environment,
we say a permutation (i.e., bijection) 7 : T — T of T := U2 ,{-1,1}"
is lattice preserving if for each v € T, both (i) |7(v)] = |v|, and (ii)
mw(v]j) = (w(v)]j), for j < |v|. Let P<,, denote the collection of lattice pre-
serving permutations which also satisfy 7(u * v) = 7w(u) * v, if Ju| = n,
for u,v € T, where * is concatenation of the two sequences. Now, for
Ae F=0XWw):veT),say A=[X(v1) € By,...,X(v;) € By, write
w(A) = [X(7w(v1)) € By,..., X (w(vk)) € Bgl, B; € B(0,0). Define

Sp={AeF:A=n(A)VrmeP,}
Lemma 4. Under weak disorder, equivalently EpXIn X < In2, there is a

number 1 < g < 2 and a positive number § such that

n
lim Z sup ||m,;(r)||Le(o,r7,p) < 00.
eI Irl<e

Proof. For 1 < q <2, £ < 1. Note that
70, ()0 = Eplma,;(r)|* = Ep (|ma;(r)*)* < Ep (Ep{|lma;(r)[*|S.})*
Here Ep{|m. ;(r)|?|S,} is the essentially unique positive S,,-measurable ran-

dom variable guaranteed by the Radon-Nikodym theorem. However, [m,, ;(r)[?
need not be integrable (with respect to P), so that the usual L'—expectation
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needs to be replaced by the LT-version. Let P,, denote the collection of per-
mutations on T, := UP_,{—1,1}* “depending on at most the first n levels”,
i.e.,, m € Py, if and only if there is a @ € P<,, such that 7 = 7|, . With this
notation one may compute

Bl 0°18:) = e [, 22 r(6)0) =t
< (()) = tan) T 5 ﬁ)X(wsm)X(wm» Ads)Aa).
Moreover, "
oy 77, 22 () = () (1) tn(r) o
0 if j > |s At

2 or(s); i
mzls‘:j{(sj —tanh(r))” e2" ()i if j <|sAt]

0 if j > |s At

(1—tanhr)?e?4+(—1—tanhr)%e~2 cosh’ ' (2r) ., .
2 cosh?(r) coshZI—2(r) if 7 < ‘S A t‘.

Thus, one may write

Be{ma 1) IS} = 1y (1) / / Tlnsm > ]
<Z [T x( 7(t]i)) ))\

TeSy, 1=0
—k—1
ZZT”‘HX? |k/ TT XCs = (1)t
k=j |s|=k i=0
n—k—1

/aTH)Xs* 1) % t)i)A(dt),

where

(1 — tanhr)2e2 + (—1 — tanhr)2e~2 cosh? 7 (2r)
2 cosh?(r) cosh® ~2(r)’

pi(r) =

and one makes the convention that

/8THXS* ) x t]i) A(dt) /BTHXS* 1) x t|i)A(dt) = 1.
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Recall that for the models considered here there is a p > 1 such that Ep X? <
oo. Under weak disorder, therefore, there is a 1 < ¢ < 2 such that
EpX1
20-1

<1 forany 1 < q< §.

So, for ¢ € (1,4), it follows that

[l ()15
< Ep{u;(r ZZT%HXQ s|k)
k=j |s|=k
n—k—1 n—k—1
/ IT X (s () tli)A dt/ [T X(s(=1)=tli)Adr)}?
o s aT i
< Bl )3 3 2 [l
k=3 |s|=k
n—k—1 n—k—1 3
/ HXS* ) tli)A dt/ HXS* 1) = t|i)A(dt) | }
or or
1 (EpX1)*
< Ky (T)Z 2(a—1)k
k=3
(EpX1)J EpX9 _1
_M]()Q(q 0j _2(171)11

Next choose § > 0 sufficiently small that for |r| < §

cosh(2r) Ep X1 E(Equ +1)
cosh?(r) 291 =~ 2% 2971 '

Then, letting C' = max|,|<s \/(1_tanh T)Qgi;(h_zb_)mnh e it follows that

EpX? _1 lEX
P 732{ P

J
Y 51 +1)} < o0

lim Z Sup [[mnj(r)l|La(o,7p) < C(1—

n— oo - Ir|<

as asserted.

We conclude this section with a main result of this paper for tree polymers
under the full range of weak disorder.

Theorem 1. Assume weak disorder. Then P-a.s. there is a § > 0 and an
absolutely continuous random function G on —6 < r < §, such that uniformly
on |r| < § one has
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lim m,(r) — G(r), —§<r<§é.

n—oo

In particular, P-a.s.

(S)n
NG

where Z has a standard normal distribution.

=7

Proof. From the lemma there are numbers § > 0 and 1 < ¢ < 2 such that

M := lim Z Sup /M, ()| La(0,7,P) < 00.

n—oo |T‘|

Then

1

(Ep /_i'm |er>q Z( /|mn,j<r>|w>q

Jj=1

1

> (25 sup Ep|m,, ;(r )Q>

= [r|<6é
< (26)1M
Thus m!,(r) converges P—a.s. and for almost every r € [—4, d], to some G(r).
In fact, with Cy := (=45 s )9, one has by the L?—maximal inequality that

IN

) o
/ Ep sup |m!, (r)|9dr < C'q/ Ep|m/y(r)|%dr
_5 n<N —0

< 26C, MY,

Thus, P-a.s. m)(r) — G(r) in Li([-6,0],dr). In particular, ma(r) =
limy, 0o My (1), =8 < r < 4 is uniform and my(r) is absolutely continu-
ous with derivative G(r). Note that mu(0) = 1 since m,,(0) = 1 for each n.
Since mqo (1) is P-a.s. continuous in a neighborhood of = 0, one has P-a.s.
for —6 <r <4,

Mo () o

r n\/n n, T 2 22
M, (—=) = — 7=~ cosh L m (0)e% = .
(\/ﬁ) cosh"(ﬁ) o (\/ﬁ) Meo(0)eT =eZ as n— oo

Remark 9. One may in fact show with only a little more effort that the limits
G and m, are both a.s. analytic functions.

6 Vector Cascades

This section provides an extension of i.i.d. scalar cascades within the frame-
work of T-martingales. As an application an alternative approach to asymp-
totic path free energy calculations is given. For this, suppose that W =
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(W1, W) is a symmetric random vector with a.s. positive components de-
fined on a probability space (§2,F,P). We will denote a (scalar) random
variable with the common marginal distribution of the (possibly correlated)
components Wi, Wy by W. Let

g(h)=EpW", heH={h>0:EpW" < cc}.

Then g is continuous on H and we restrict attention to distributions for which
H is a nondegenerate subinterval of [0, 00). For h € H, define

wh Wk wr
A Wi, = (Wi, Who) = 71772
o(h) (Wit W) = a7 o h)
For h € H?, the interior of H, one has that In W has a finite moment gener-

ating function and, therefore,

Ep Wp(InW)") < o0, VYn=12,....

W, = ).

Moreover, from the dominated convergence theorem one has for h € H°

d
a Ing(h) = Ep (W, InW)
and

2

% ng(h) = Ep (Wi(InW)?) — (Ep(Wj, In W))* = vary,(In W) > 0,

where vary, denotes variance computed with respect to the size-biased proba-
bility dQp, = WpdP. In particular In g(h) is convex on H. In fact, the function
h — Ep(W,InWy,),h € H°, is increasing since

d

%EP(Wh InWp,) = hvarp(In W) > 0.
Thus, if W is not an a.s. constant then h — Ep(W;, InW}), h € HY is strictly
increasing.

Now suppose that {W, = (W, 1,W,2) : v € T} is an i.i.d. tree-indexed
collection of random vectors defined on the probability space (§2,F, P) dis-
tributed as W. Let

Wwh.
Wv h,i) — Uﬂa
T ()

veTl,i1=1,2,h € H,

and define .
QW) = TTWui-1),ty), ¢ €T

j=1
Then {Q%h) :n > 1} defines a positive T-martingale in the sense of Kahane.
We will require a few lemmas based on the size biasing theory of section
3. Let us denote the size bias probabilities corresponding to the T-martingale

{Q%h) :n > 1} by Pp,, and Qy,, accordingly. The first is a law of large numbers
under the size bias change of measures.
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Proposition 5. Let h,h' € H and t € 0T.
1. Ppt-a.s., %hl le/)(t) — Ep(WiInWy,). Moreover, if there is a h” € H
such that h < h" then
= 1 , 4
> Ep,, (n In Q") (t) — Ep(Wy In W,,)) < 0.
n=1

2. Qp-a.s., %hl leh’) omar(t) = Ep(WyIn Wy, ). Moreover,
[ee) 1 4
Z EQ}L (n anglh )o W@T(t) — Ep(Wh In Wh/)> < Q.
n=1
Proof. From the definitions one has
1 (h/) 1 i
Hann (t) = Ezlnwﬂj_lv(hlvtj)
j=1

is a sample average of 1.i.d. terms under P}, ; with mean Ep(W), InW},/). Thus
the first assertion of of the first statement is merely a version of the strong
law of large numbers and the second assertion of the first statement is the
4th moment Borel-Cantelli condition for the strong law of large numbers.
Specifically, under the condition h < h” € H, one has

E (W,(nWy,)*) = E(Wy(h' InW —Ing(h'))* < co.

For the second statement, observe that the first statement is true for A-a.e.
t € dT. Also, by symmetry,

4 4
L o) L om)
Egh gann OﬂaT—E(Whanh/) :Eph7t ;ann (t) —Ep(Whanh/) ,

and is therefore also summable in n.

Lemma 5. If Ep(W,InW};,) <In2 and b’ € H then a.s.

liminf - In QU (t)\(dt) > Ep <Wh In Wh’) .
n—oo n oT Wh

Moreover, if h. exists such that Ep(Wy, InWp,_ ) = 1n2, then a.s. one has

1 / ,
liminf = In [ Q") (t)A(dt) > Ep (th nn ) .
n—oo NN aT th

Proof. Using the size-bias change of measure one has
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QU ()
Jor C8) (tH)Adt) Jor Q(m(t) ( )JA(dt)

Jor @M OAAE) [ QM (E)A(dE)
Q(h )
= EQ (EQ( Q(h) o ﬂ'aT‘f )) (9)

Using convexity of £ — —Inx, one has

L [ )t

n oT
(h")
1Qn
> EQ(EW o mar|Fn) ln/ QM
1 /
= EQ(EQSI Vo mor — - an;h) o ot |Fn)- (10)

Using the 4th moment summability of the second part of the previous propo-
sition, it folllows that

1 / 1
EQ(EQ;}L ) o ToT — ﬁ an,Elh) e} 7T5)T|fn) — Ep(Wh In Wh/) — EP(W}L In Wh).

Thus, the asserted lower bound holds Q-a.s. But, Ep(W}, In W},) < In 2 implies
that Qo ﬂ'ng << P. This proves the first assertion of the lemma. The second

assertion follows from continuity of h — Ep (W In Ig/v—’;')

Lemma 6. If Ep(W,InW}) <1n2 and h' € H then a.s.

’ W /
liminf - In / QMW (H)A(dt) < Ep (Wh In —2 ) .
oT

n—oo n Wh

Moreover, if h. exists such that Ep(Wp, InW;,_ ) = 1n2, then a.s. one has

1 Wi,
lim inf — In Q(h (t)\(dt) < Ep (Wh In - )
he

n—oo N

Proof. For any t € T one has the Chebyshev bound

chn

- [T Wy, h,t; h
Hthj—l,thCn <EP< j=1 "Vt|j—1,(ht;) :(9( )

Jj=1

The right side is minimized at the Legendre transform value dih(ln g(h) —
hlnc) = 0. In other words, Ep(Wp In W) = In ¢ optimizes to the extent that

n
Hthj—l,tj > enEp(Wh In W) < e—nEp(Wh anh).

Jj=1
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Thus, for h,h' € H, one has

n
P HWt\j—l,(h’,tj) > e’I’LEP(Wh In W,,/) < eanp(Wh anh)'

j=1
In particular, for h. defined by
Ep(Wp, nWy,) =1n2,
one has by monotonicity that
Ep(WpInWy) >1In2 for h > h,.

Thus

i 2" P ﬁ W1, 1;) = enErWinlnWir) | oo

n=1 j=1

and therefore

n
Pl U= NSy [H Wijj—1,(nt5) < enErWnlnWidyp ¢ g7 | = 1.
j=1

Now consider A’ > h.. Then

lim sup 1 QM) (H)A(dt)
n aT

Q) (D).

. 1
= limsup — ln/
n S0 @ <erPr (i i)
Although EpInW < 0 may not be finite, limp g Ep(W,In W) = Ep(InW).
Also h — Ep(Wj, InW) is continuous and increasing on H°. Let 0 < hy <
he < -+ < hm_1 < he < hpy <, and ¢; = exp Ep(Wj, InW). Consider the
random set

n
Ani={t€dTl:ci, < H Wijj—1t, < €5}

j=1
For all n large one as a.s. that

n m

o G . (h")

In any case, for i > 2 one has

cily i
— L N(An0) < [ QU0 (H)A(dt).
) (An,i) o (t)A(dt)



T-martingales, size-biasing and tree polymer cascades 23

Thus, P-a.s.,

1 P " cnh/g"(h 1)
liminf — In T e A A Q i-1) dt
o (i 3 T oo

> liminf - In / QM) (t)A(dt).
n aT

Since for 0 < b < he, limy, [, %h) (t)A(dt) exists and is positive, one has

C n
hmmfln( 1h’ +Z nhL 1 h’)/ QP (t)A (dt))

i=2 Gi—1
h' nh’ n(1 .
= lnmax{ Cl, ) Czh.gl (hz_l)}
g(W) ¢y gn(h)
= max {Ep(Whl anh/)aEP(Whi_l In Wh/) - EP(Whi_l anhi—l)’i > 2} .

Thus, one has P-a.s. that
1 /
liminf — In QM) (t)A(dt)
n ar

S inf maX{Ep(Whl In I/Vh/)7
0<h1 < <hm—1<he<hpm<h’

E’p(VVhP1 anh’) — E‘]:)(VVhF1 hl Whi,l);i Z 2}.

Now use the uniform continuity of Ep(W,In Wy, ) — Ep(W, InW,) for z,y €
[h1, ] together with the fact that Ep(ln Wy/) = Ep(W
as follows:

VVV[};’) to proceed

inf max{Ep (W, In W),
0<h <o+ <hym—1 <he<hgm <h/

E’p(VVhF1 In Wh/) — E[—)(V[/V}H71 In Whi,l)ai Z 2}
§ inf max{Ep(Whl In Wh/), sup [EP(W]—L In Wh/) - Ep(Wh In Wh)}

0<hi<he h1<h<h,
W W
S max Ep(lHWh/),EP(Wh lnih) Ep(Wh In — )
W, Wh.
Finally, if »’ € H and h' > h,, then P-a.s.,
Wi

)-

1 :
lim inf — In / QM) ()A(dt) < Ep(Wy,, In
n aT

he
This completes the derivation of the upper bound.
Combining these lemmas one arrives at the following result.

Theorem 2. For h € H and h > h, one has P-a.s.
Wh,
Wy )

lim inf l In Qg’) (H)A\(dt) = —Ep (
T

n—oo N
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Remark 10. Notice that if A > h, then it follows from the previously noted
monotonicity that Ep (W, InW},) > In2.

To apply this to the polymer model let X, ;,v € T,j = 1,2, be iid.
positive random variables distributed as X. Assume that H is a nondegenerate
interval for X defined by

g(h) = EpX" < 0o, heHC[0,00).

Also, suppose that Y is a symmetric Bernoulli +1-valued random variable,
independent of X, and define

g(r,h) = Ep(e"™ X") = g(h) coshr, he H,r>0,
and consider the vector cascade weights

erYXh e—rYXh
W, 1) = L 2 ) = (W, W, .
Y (g(nh)’ g(nh)) Wiew1: W)

Note that defining

erY

coshr’
one has Ep(Y, InY,) = r tanhr — In cosh . Moreover, one has

{(2cosh7")" / QUM (H)N(dt) : n > 1} —dist { / " On QM (HN(dt) 1 n > 1}.
aT aT

With this one may obtain the following equivalent representation of the

asymptotic path free energy under strong disorder.

Theorem 3. Suppose that for r > 0,h € H,h > h,, there is a unique pair
(ryh)* = (r*, h*) such that (r*,h*) = v(r, h) for some 0 <y <1, and

Ep (W(T*7h*) an(T*JL*)) = Ep (Xh* lnXh*) + Ep (Yr* IHY,«*) = 11127

rY
- Then P-a.s. one has

where Y, = —S—.

r(t)n ) (R)
lim l In faT c @n_()M(d?)

nmeen [ QW (#)A(d)

=Incoshr + Ep (W(r,h)* In W(nh))

—Ep (W(O,h)* In W(O,h)) .

Proof. The proof is essentially an application of the previous theorem using
the fact that the limit has already been shown to exist. More specifically, one
has P-a.s. that

1 .
lim — In QM (Ndt) = —Ep(Wp,ny- Wi pye + Ep (W - In W)
or

= —In2+ Ep(Wi py- In W, py).
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Thus

faT M At
" 1 QU (o)A (dr)

Now

hm

= —Ep(Wirny- MW n)) + Ep(Wiony- In Wopy)-

P Q™M (#)A(dt)
Jor QU ()M ()

as asserted.

hm

= In cosh T—&-Ep(W(r’h)* In W(r,h)_EP(W(O,h)* In W(O,h))

In the strong disorder case EpX In X > In2, normalized to EpX = 1,
one has h. < 1 by monotonicity of h — EpX"In X". Taking h = 1 in this
theorem gives the alternative path free energy formula. Namely,

Corollary 2. Assume X is a positive random variable normalized to EpX =
1 such that EpXIn X > In2; i.e., strong disorder. Then,

n—oo 1

1 X
lim — ln/ eT(t)“probn(dt) = Incoshr+FEp (W(r,l)* In W(M))—Ep (W(O,l)* In W(O,l)) .
T

7 Related directions in T-martingale theory

T-martingale theory and size bias methods occupy a central role in determin-
ing sharp results for the existence and in the analysis of the fine scale structure
of diverse models; see Kahane (2000) for a review of general theory and other
applications. Most of the theory, however, is devoted to analysis of fine scale
structure in the weak disorder regime. Tree polymers present entirely new
challenges to the theory in the case of strong disorder, and naturally moti-
vate new directions. On the purely mathematical side, the contemplation of
a companion theory for complex T martingales on manifolds suggests a
number of new and interesting challenges for example.

In the context of tree polymer models, sharp determination of the a.s.
probability laws governing polymer paths under weak and strong disorder
should eventually evolve. One may not expect surprises under weak disorder
but, as illustrated in the present paper for the a.s. CLT, the techniques and
estimates may be delicate in the full range of weak disorder. The limits on
Bolthausen’s L? approach to a CLT for tree polymers can only be asserted
when such a CLT has been established as has been achieved here. It seems
to be generally accepted that the lattice polymer approach of Comets and
Yoshida (2006) would also provide the CLT for tree polymers in the full range
of weak disorder, but such a proof has not been available in the literature.

As is evidenced here, there is a huge amount of symmetry present both in
the tree and in the environment. In general there seems to be much to under-
stand about how and when symmetry breaking may occur. A loosely related
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phenomena illustrating symmetries was observed in Waymire and Williams
(1995) in the consideration of a Markovian environment (along tree paths);
such results were also considered by Fan (2002). In Waymire and Williams
(1995), the authors demonstrate that for finite state time-reversible ergodic
Markov environments, the structure of the multiplicative cascade coincides
with that of i.i.d. environments distributed according to the unique invariant
probability. However, examples are provided to show this is no longer true for
non-reversible Markov chains.

While the emphasis of this paper is that of the theory of T-martingales,
it is widely recognized that results obtained for branching random walks orig-
inating in Kingman (1975) and Biggins (1976) closely parallel this develop-
ment. So it is not surprising that both theoretical frameworks can be applica-
ble to tree polymers. The very recent paper by Hu and Shi (2009) illustrates
many aspects of the continued development of this companion framework. In
particular Hu and Shi (2009) analyze the free energy type calculations for
polymers on Galton—Watson trees within the branching random walk frame-
work. It seems natural by extension to consider the polymer path laws in
the Galton—Watson environment within either framework; e.g., see Peyriere
(1977) and Burd and Waymire (2000) for some multiplicative cascade theory
on Galton—Watson trees.

In addition to providing a complete and self-contained diffusive limit for
tree polymers in the full range of weak disorder, the goal of this paper has
been to suggest new directions for extensions of the multiplicative cascade
theory. The extension of Proposition 2 to corresponding P-a.s. weak limit
points under strong disorder aptly illustrates such a need.
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